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Recall (3} Lift £st. Precision (%) Specificity {3}
5 3BLi 249+07 99,930 + 0.004
10 31+1 20,1+ 0.7 99.79 + 0.01
20 18.0£05 12,2203 99,16 £ 0.03
50 6.0+0.1 3,90 +£0.05 97.910.1
70 3.70 + .05 2.40+ 0.03 21.6 £0.2
FIG. 4A
Recall (%) Lift Est. Precision {%) Specificity (%)
5 43+ 72 27.5%1.5 99.940 = 0.007
16 33x2 215+ 1.0 59.81 +0.02
20 126+ 0.5 12,70 £0.15 99,21 £0.0L
S0 5502 3.60 +£0.15 91.3+04
70 3,27 £ 0.08 2.10+£0.05 79.2+0.5
FIG. 4B
Recalt (%) Lift Est. Precision (%) Specificity {%)
5 50.5+1.5 32521 99.960 + 0.003
10 41.5+1.5 271 959.87 + 0.01
20 23.6+ 05 15.4+0.3 99,38 + 0.02
50 7.0+£02 45+ 0.1 93.3+0.2
70 | 3.66* 0.06 2.40 +0.05 81.5+0.3

FIG. 4C
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Feature Impoitance Eosinophils# 1.5yrs history 17.14117
Age 206.06278 Basophils Current 14,47268
Hemoglohin Current 97.54094 1060 days cbe count 13.73909
Hermatocrit Current 75.68337 Basophils# 1.5yis history 12.74062
MCHC-M Current 65.28961 Basaphils# 3yrs history 12.58885
MCH 3yrs history 61.24915
RDW Current 59.87631
MCH 1.5vrs history 5941473
Hemogiohin 3yrs history 47.9564
RBC Current A2.17517
MCH Current 41.98025
Hemoglobin 1.5yrs history 41.33024
Platelets Current 39.701%8
Hematocrit 3yrs history 39.57657
Neutrophils% Current 34.09554
MLV 1.5yrs history 3375738
Hematocrit 1.5yrs history 32.66408
MOV 3yrs history 32.25354
RDW 1.5yrs history 31.58052
Neutrophils# Current 31.49156
RDW 3yrs history 31.433
Eosinaphils% Current 29.21783
Monocytes# Currant 29.07631
MPV Current 29.039
Monocytes Current 28.70935
| WBC Current 27.77065
MOV Current 27.16896
Eosinophils# Cursent 26.03917
Platelets 3yrs history 25.98912
Platelets 1.5yrs history 24.74618
MCHEC-M Jyrs history 23.69543
MCHC-M ‘1.5yrs history 22.48561
MPV 3yrs history 21.914387
RBC 3yrs history 2177685
500 days che count 21.66158
RB{ 1.5yrs history 20.76823
MPY 1.5yrs history 20.4003%
Neutcophils% 1.5yrs history 20.29873
Neutrophils% 3yrs history 19.53775
Eosinophils% 3yrs history 18.23888
Monocytes® 3yrs history 19.03372
| Eosinophils® 1.5yrs history 18.81205
Monacytes% 1.5yrs history 18.41941
Neutrophils# 1.5yrs history 18.38092
Basophils¥ 3yrs history 18.17924
Neutrophilsif 3yrs history ] 18.08296
Basophils% 1.5yfs history 17.88699 |
WBC 3yrs history 17.87557
Basophils% Current 17.7247
Monocytes# 3yrs history 17.72236
Eosinophils# 3yrs history 17.70108
1500 days che count 17.62082
WBC 1.5yrs history 17.4687
Mongcytes# 1.5yrs history 17.35154 FIG' 5A
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Period 5% Sens. 10% Sens. 20% Sens. 50% Sens. 70% Sens.
{Days) | Lift | Spec. | Lift | Spec. | Lift ! Spec. | Lift | Spec | Lift | Spec
30-90 99 19958 87 19985 48 {9971 | 12 |9623 | 56 | 8750
90-180 65 | 99.95 53 99.86 32 9897 { 83 93.77 | 4.6 | 84.87
180-360 | 26 19984 23 99.64 14 98.68 ¢ 56 9127 35 | BD4Y
360-540 | 18 19975 13 | 99.23 8 9762 | A5 | Bo.06 | 3.2 | 7831
540-720 | 10 (9954 86 {9889 | 61 |9676% 39 8728 | 31 {7731

FIG. 6
Recall (%} Lift Est, Precision (%) Specificity (%)
5 580+35 2712 99.950 + 0.004
10 445+ 15 205+ 0.8 99.850 £ 0.008
20 283%0.7 13.0£0.3 99,44 £ 0.02
50 7.6£02 35+01 93.8+0.2
70 3.52+0.00 1.6 £0.03 80504

FIG.7
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Thin results

Sens at 90% |AUC Colon
55.80% 0.85|90-540/40-100:
48.00% 0.79{90-540/50-75:
67.90% 0.89{30-270/40-100:
60.20% 0.84{30-270/50-75:
40.90% 0.8/360-720/40-100:
30.90% 0.731360-720/50-75:

Sens at 80% AUC Stomach
48.30% 0.83190-540/40-100:
41.90% 0.76(90-540/50-75:
61.80% 0.87{30-270/40-100:
56.70% 0.8|30-270/50-75:
36.40% 0.79]360-720/40-100:
27.50% 0.711360-720/50-75:

Sens at 90% [AUC Rectum

| 40.50% 0.79}90-540/40-100:
31.30% 0.72[90-540/50-75:
48.40% 0.81130-270/40-100:
40.00% 0.74130-270/50-75:
32.90% 0.78360-720/40-100:
28.40% 0.73{360-720/50-75:

Sens at 80% [AUC Qesophagus
37.80% 0.79190-540/40-100:
31.40% 0.74]90-540/50-75:
45.00% 0.81{30-270/40-100:
41.30% 0.76[30-270/50-75:
34.00% 0.79360-720/40-100:
24.30% 0.72|360-720/50-75:
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METHODS AND SYSTEMS OF EVALUATING
A RISK OF A GASTROINTESTINAL
CANCER

RELATED APPLICATIONS

This application is a National Phase of PCT Patent
Application No. PCT/IL.2013/050368 having International
filing date of May 2, 2013, which claims the benefit of
priority under 35 USC §119(e) of U.S. Provisional Patent
Application No. 61/641,979 filed on May 3, 2012. The
contents of the above applications are all incorporated by
reference as if fully set forth herein in their entirety.

FIELD AND BACKGROUND OF THE
INVENTION

The present invention, in some embodiments thereof,
relates to cancer diagnosis and, more particularly, but not
exclusively, to methods and systems of evaluating a risk of
cancet.

A diagnosis of colorectal cancer includes diagnosis based
on the immunological fecal occult blood reaction, diagnosis
by colonoscopy, and the like. However, diagnosis based on
a fecal occult blood test does not serve as definitive diag-
nosis, and most of the persons with positive-finding are
false-positive. Furthermore, in regard to early colorectal
cancer, there is a concern that both the detection sensitivity
and the detection specificity become lower in the diagnosis
based on a fecal occult blood test or the diagnosis by
colonoscopy. In particular, early cancer in the right side
colon is frequently overlooked when diagnosed by a fecal
occult blood test. Diagnostic imaging by CT (computer
tomography), MRI (magnetic resonance imaging), PET
(positron emission computerized-tomography) or the like is
not suitable for the diagnosis of colorectal cancer.

On the other hand, colorectal biopsy by colonoscopy
serves as definitive diagnosis, but is a highly invasive
examination, and implementing colonoscopic examination
at the screening stage is not practical. Furthermore, invasive
diagnosis such as colonoscopy gives a burden to individuals
such as accompanying pain, and there may also be a risk of
bleeding upon examination, or the like.

During the last years, some new methods have been
developed for diagnosis of colorectal cancer. For example,
U.S. Patent Application Publication No. 2010/0009401
describes a method of evaluating colorectal cancer, where
amino acid concentration data on the concentration value of
amino acid in blood collected from a subject to be evaluated
is measured, and a colorectal cancer state in the subject is
evaluated based on the concentration value of at least one of
Arg, Cys, Om, Trp, Glu, ABA, Val, Phe, Leu, Gln, Ile and
His contained in the measured amino acid concentration data
of the subject.

SUMMARY OF THE INVENTION

According to some embodiments of the present invention,
there are provided a computerized method of evaluating
gastrointestinal cancer risk. The method comprises generat-
ing a set of features comprising a plurality of current blood
test results from a blood collected from a target individual,
providing at least one classifier generated according to an
analysis of a plurality of respective historical blood test
results of each of another of a plurality of sampled indi-
viduals; and evaluating, using a processor, a gastrointestinal
cancer risk of the target individual by classifying the set of

20

40

45

55

2

features using the at least one classifier. Each of the plurality
of historical and current blood test results comprises results
of at least one the following blood tests: red blood cells
(RBC), hemoglobin (HGB), and hematocrit (HCT) and at
least one result of the following blood tests hemoglobin
(MCH) and mean corpuscular hemoglobin concentration
(MCHC). Optionally, the blood test results are extracted
from a complete blood count (CBC) test.

Optionally, the set of features comprises an age of the
target individual; wherein the at least one classifier is
generated according to an analysis of the age of each of
another of a plurality of sampled individuals.

Optionally, each of the plurality of historical and current
blood test results comprises results of red cell distribution
width (RDW).

Optionally, each of the plurality of historical and current
blood test results comprises results of Platelets hematocrit
(PCT).

Optionally, each of the plurality of historical and current
blood test results comprises results of mean cell volume
(MCV).

Optionally, each of the plurality of historical and current
blood test results comprises at least one of the following
blood tests: white blood cell count—WBC (CBC); mean
platelet volume (MPV); mean cell; platelet count (CBC);
eosinophils count; neutrophils percentage; monocytes per-
centage; eosinophils percentage; basophils percentage; and
neutrophils count; monocytes count.

Optionally, the at least one classifier comprises a member
of a group consisting of: a weighted linear regression
classifier, a K-Nearest neighbors (KNN) classifier, and a
random forest classifier.

Optionally, the set of features comprises at least one
demographic characteristic of the target individual and the at
least one classifier generated according to an analysis of
respective the at least one demographic characteristic of
each of the plurality of sampled individuals.

Optionally, the method further comprises selecting the at
least one classifier according to at least one demographic
characteristic of the individual from a plurality of classifiers
each generated according to a plurality of respective his-
torical blood test results of sampled individuals having at
least one different demographic characteristic.

Optionally, the plurality of blood test results comprises at
least one result from the following plurality of blood tests:
biochemical blood test results may include any of the
following blood test results Albumin, Calcium, Chloride,
Cholesterol, Creatinine, high density lipoprotein (HDL), low
density lipoprotein (LDL), Potassium, Sodium, Triglycer-
ides, Urea, and/or Uric Acid.

According to some embodiments of the present invention,
there are provided a gastrointestinal cancer evaluating sys-
tem. The system comprises a processor, a memory unit
which stores at least one classifier generated according to an
analysis of a plurality of historical blood test results of each
of'another of a plurality of sampled individuals, and an input
unit which receives a plurality of current blood test results
taken from a blood of a target individual, and a gastroin-
testinal cancer evaluating module which evaluates, using the
processor, a gastrointestinal cancer risk of the target indi-
vidual by classifying, using the at least one classifier, a set
of features extracted from the plurality of current blood test
results. The plurality of historical and current blood test
results comprises results of at least one the following of
plurality of blood tests: red blood cells (RBC), hemoglobin
(HGB), and hematocrit (HCT) and at least one result of the



US 9,474,490 B2

3

following blood tests hemoglobin (MCH) and mean corpus-
cular hemoglobin concentration (MCHC).

Optionally, each of the plurality of historical and current
blood test results comprises results of red cell distribution
width (RDW).

Optionally, each of the plurality of historical and current
blood test results comprises results of Platelets hematocrit
(PCD).

Optionally, each of the plurality of historical and current
blood test results comprises of mean cell volume (MCV).

According to some embodiments of the present invention,
there are provided a method of generating a classifier for a
CRC risk evaluation. The method comprises providing a
plurality of historical blood test results of each of another of
a plurality of sampled individuals, generating a dataset
having a plurality of sets of features each set generated
according to respective plurality of historical blood test
results of another the plurality of sampled individuals,
generating at least one classifier according to an analysis the
dataset, and outputting the at least one classifier.

Optionally, the generating comprises calculating and add-
ing at least one manipulated version of an historical blood
test result taken from a respective the plurality of historical
blood test results as a feature to respective the set of features.

Optionally, the generating comprises weighting each the
set of features according to a date of the respective plurality
of historical blood test results.

Optionally, the generating comprises filtering the plurality
of sets of features to remove outliers according to a standard
deviation maximum threshold.

Optionally, the plurality of sets of features are weighted
according to a date of the respective plurality of historical
blood test results.

Optionally, the plurality of blood test results of at least
one the following blood tests: red blood cells (RBC), hemo-
globin (HGB), and hematocrit (HCT) and at least one result
of the following blood tests hemoglobin (MCH) and mean
corpuscular hemoglobin concentration (MCHC).

Optionally, each of the plurality of historical and current
blood test results comprises results of red cell distribution
width (RDW).

Optionally, each of the plurality of historical and current
blood test results comprises results of Platelets hematocrit
(PCD).

Optionally, each of the plurality of historical and current
blood test results comprises results of mean cell volume
(MCV).

More optionally, the method further comprises adding at
least one demographic parameter of each of the plurality of
sampled individuals to a respective the set of features.

More optionally, the at least one demographic parameter
is a member of a group consisting of gender, age, residential
zone, race and socio-economic characteristic.

More optionally, the generating comprises calculating and
adding at least one manipulated version of the at least one
demographic parameter as a feature to respective the set of
features.

Unless otherwise defined, all technical and/or scientific
terms used herein have the same meaning as commonly
understood by one of ordinary skill in the art to which the
invention pertains. Although methods and materials similar
or equivalent to those described herein can be used in the
practice or testing of embodiments of the invention, exem-
plary methods and/or materials are described below. In case
of conflict, the patent specification, including definitions,
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will control. In addition, the materials, methods, and
examples are illustrative only and are not intended to be
necessarily limiting.

Implementation of the method and/or system of embodi-
ments of the invention can involve performing or complet-
ing selected tasks manually, automatically, or a combination
thereof. Moreover, according to actual instrumentation and
equipment of embodiments of the method and/or system of
the invention, several selected tasks could be implemented
by hardware, by software or by firmware or by a combina-
tion thereof using an operating system.

For example, hardware for performing selected tasks
according to embodiments of the invention could be imple-
mented as a chip or a circuit. As software, selected tasks
according to embodiments of the invention could be imple-
mented as a plurality of software instructions being executed
by a computer using any suitable operating system. In an
exemplary embodiment of the invention, one or more tasks
according to exemplary embodiments of method and/or
system as described herein are performed by a data proces-
sor, such as a computing platform for executing a plurality
of instructions. Optionally, the data processor includes a
volatile memory for storing instructions and/or data and/or
a non-volatile storage, for example, a magnetic hard-disk
and/or removable media, for storing instructions and/or data.
Optionally, a network connection is provided as well. A
display and/or a user input device such as a keyboard or
mouse are optionally provided as well.

BRIEF DESCRIPTION OF THE DRAWINGS

Some embodiments of the invention are herein described,
by way of example only, with reference to the accompanying
drawings. With specific reference now to the drawings in
detail, it is stressed that the particulars shown are by way of
example and for purposes of illustrative discussion of
embodiments of the invention. In this regard, the description
taken with the drawings makes apparent to those skilled in
the art how embodiments of the invention may be practiced.

In the drawings:

FIG. 1 is a flowchart of a method of generating one or
more classifiers for estimating a gastrointestinal cancer risk
score according to an analysis of a plurality of individual
records, according to some embodiments of the present
invention;

FIG. 2 is a schematic illustration of a system for gener-
ating one or more classifiers, for example by implementing
the method depicted in FIG. 1, according to some embodi-
ments of the present invention;

FIG. 3 is a receiving operating characteristic (ROC) curve
graph, according to some embodiments of the present inven-
tion;

FIGS. 4A-4C are tables summarizing the performances of
the different exemplary classifiers, according to some
embodiments of the present invention;

FIG. 5A is an image of a table of an expended set of
features which are listed according to their importance in a
random forest classifier for men;

FIG. 5B is a table indicating correlation between pairs of
results of blood tests;

FIG. 6 is an image of a table showing performances for
several time-windows;

FIG. 7 is an image of a table showing performances of a
Random Forest classifier;
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FIG. 8 is a flowchart of a method of using a classifier(s)
for estimating a gastrointestinal risk score for a target
individual, according to some embodiments of the present
invention;

FIG. 9 is a table indicating the performances of the
classifiers for each one of colon, stomach, rectum, and
esophagus cancers in different sensitivities for different
groups of populations, according to some embodiments of
the present invention; and

FIG. 10 is a set of tables summarizing an analysis of the
results of using the above described classifiers for classify-
ing anemic and not anemic individuals (white Americans),
according to some embodiments of the present invention.

DESCRIPTION OF EMBODIMENTS OF THE
INVENTION

The present invention, in some embodiments thereof,
relates to cancer diagnosis and, more particularly, but not
exclusively, to methods and systems of evaluating a risk of
cancet.

According to some embodiments of the present invention,
there are provided methods and systems of evaluating gas-
trointestinal cancer risk by classitying a set of current blood
test results of a target individual using one or more classi-
fiers which are generated according to an analysis of his-
torical blood test results of a plurality of individuals. The set
of current blood test results includes at least one result of the
following blood tests hemoglobin (HGB), hematocrit
(HCT), and red blood cells (RBC) and at least one result of
the following blood tests mean cell hemoglobin (MCH) and
mean corpuscular hemoglobin concentration (MCHC) and
the age of the target individual. Optionally, the set of current
blood test results further includes one or more of the
following blood tests: white blood cell count—WBC
(CBC); mean platelet volume (MPV); mean cell volume
(MCV); red cell distribution width (RDW); platelet count
(CBC); eosinophils count; neutrophils percentage; mono-
cytes percentage; eosinophils percentage; basophils percent-
age; neutrophils count; monocytes count; and Platelets
hematocrit (PCT).

Optionally, the gastrointestinal cancer risk is evaluated by
classifying biochemical blood test results of the target indi-
vidual. In such embodiments, the classifiers are generated
according to an analysis of historical biochemical blood test
results of the plurality of individuals. The biochemical blood
test results may include results of any of the following blood
tests: Albumin, Calcium, Chloride, Cholesterol, Creatinine,
high density lipoprotein (HDL), low density lipoprotein
(LDL), Potassium, Sodium, Triglycerides, Urea, and/or Uric
Acid.

Optionally, the gastrointestinal cancer risk is evaluated by
classifying demographic characteristics of the target indi-
vidual. In such embodiments, the classifiers are generated
according to an analysis of demographic characteristics of
the plurality of individuals.

Optionally, both the current blood test results of the target
individual and the historical blood test results of sampled
individuals are used for generating expended sets of features
which include manipulated and/or weighted values. Option-
ally, each expended set of features is based on the demo-
graphic characteristics of a respective individual, for
example as described below.

Optionally, the one or more classifiers are adapted to one
or more demographic characteristics of the target individual.
Optionally, the classifiers are selected to match one or more
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demographic characteristics of the target individual. In such
embodiments, different classifiers may be used for women
and men.

According to some embodiments of the present invention,
there are provided methods and systems of generating one or
more classifiers for gastrointestinal risk evaluation. The
methods and systems are based on analysis of a plurality of
historical blood test results of each of another of a plurality
of sampled individuals and generating accordingly a dataset
having a plurality of sets of features each generated accord-
ing to respective historical blood test results. The dataset is
then used to generate and output one or more classifiers,
such as K-Nearest neighbors (KNN) classifiers, random
forest classifiers, and weighted linear regression classifiers.
The classifiers may be provided as modules for execution on
client terminals or used as an online service for evaluating
gastrointestinal cancer risk of target individuals based on
their current blood test results.

Before explaining at least one embodiment of the inven-
tion in detail, it is to be understood that the invention is not
necessarily limited in its application to the details of con-
struction and the arrangement of the components and/or
methods set forth in the following description and/or illus-
trated in the drawings and/or the Examples. The invention is
capable of other embodiments or of being practiced or
carried out in various ways.

Reference is now made to FIG. 1, which is a flowchart of
a method 100 of generating one or more classifiers for
estimating a gastrointestinal cancer risk score according to
an analysis of a plurality of historical test results of each of
a plurality of diagnosed individuals, according to some
embodiments of the present invention. As used herein, a
gastrointestinal cancer may be colon, stomach, rectum, or
esophagus cancer. Reference is also made to FIG. 2, which
is a schematic illustration of a system 200 for generating
classifier(s) for estimating gastrointestinal cancer risk
scores, for example by implementing the method depicted in
FIG. 1, according to some embodiments of the present
invention.

The system 200 includes to one or more medical record
database(s) 201 and/or connected to a medical record data-
base interface. The database(s) 201 include a plurality of
individual records, also referred to as a plurality of indi-
vidual samples, which describe, for each of another of a
plurality of sampled individuals, one or more sets of a
plurality of historical test results each set of another
individual, and optionally one or more demographic param-
eter(s) and a gastrointestinal cancer prognosis. The set of a
plurality of historical test results, demographic parameter(s),
such as age, and/or gastrointestinal cancer prognosis may be
stored in a common sample record and/or gathered from a
number of independent and/or connected databases. Option-
ally, the gastrointestinal cancer prognosis is a binary indi-
cation set according to a cancer registry record. The different
test results may be of commonly performed blood tests
and/or blood tests held during the same period. Optionally,
some sets of a plurality of historical test results have missing
blood test results. These results are optionally completed by
weighted averaging of the available blood test results of
other individuals. The method further includes a processor
204, a classifier generation module 205, and an interface unit
206, such as a network interface.

As used herein, a demographic parameter includes age,
gender, race, weight, national origin, geographical region of
residence and/or the like.

First, as shown at 101, one or more dataset(s) of a
plurality of individual samples are provided.
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Optionally, as shown at 102, the plurality of individual
samples are screened and/or selected according to matching
criteria. For example, the sample records are of individuals
in the age of 40 or older who either appear in a cancer
registry with colon cancer, and optionally without other
types of cancer, or do not appear in the not appear there at
the cancer registry. Optionally, sample records of individuals
that appear in the cancer registry are taken only if the latest
set of a plurality of historical test results they document was
taken during a certain period before the registration of a
respective individual in the cancer registry, for example
during a period of at least 30 days before a current date and
at most 2 years. Optionally, sample records of individuals
that do not appear in the cancer registry are taken only if they
include a set of a plurality of historical test results that
creates an equal time-distribution (blood tests timing) for the
positive and negative gastrointestinal cancer populations.
The process of equating the time-distribution of the positive
and negative samples also leads to omit at least some
negative (non-registered) samples and to a change in the
gastrointestinal prevalence in the data set.

Now, as shown at 103, an evaluation dataset, such as a
matrix, is generated according to the sample data extracted
from the sample records, for example by the classifier
generation module 205. The evaluation dataset includes a
plurality of sets of features, optionally expended. Each set of
features is generated from each one of the screened and/or
selected sample records. The set of features are optionally
unprocessed features which includes actual blood test and/or
demographic characteristic values.

As described above, each sample record includes one or
more sets of a plurality of historical test results of a
individual, each includes a combination blood test results,
for example a combination of more than 10, 15, 20 and/or
any intermediate number of blood test results. In one
example, each extracted set of unprocessed features includes
at least the following 18 blood test results: red blood cells
(RBC); white blood cell count—WBC (CBC); mean platelet
volume (MPV); hemoglobin (HGB); hematocrit (HCT);
mean cell volume (MCV); mean cell hemoglobin (MCH);
mean corpuscular hemoglobin concentration (MCHC); red
cell distribution width (RDW); platelet count (CBC);
eosinophils count; neutrophils percentage; monocytes per-
centage; eosinophils percentage; basophils percentage; neu-
trophils count; monocytes count; and Platelets hematocrit
(PCT). In another example, each extracted set of unpro-
cessed features includes at least result of the following blood
tests HGB, HCT, and RBC, at least one result of the
following blood tests MCH and MCHC and additional data
reflecting the age of the target individual. Optionally, this
extracted set of unprocessed features further includes one or
more of the following blood tests RDW, Platelets, and MCV.
Additionally, this extracted set of unprocessed features may
further includes one or more of the following blood tests
WBC, eosinophils count, neutrophils percentage and/or
count, basophils percentage and/or count, and monocytes
percentage and/or count.

Optionally, the set of unprocessed features is expended.
The expended set of features contains features as the above
unprocessed blood test results and/or one or more demo-
graphic parameter(s) and optionally manipulated blood test
results and/or combination of blood test results, for instance
as described below. For example, each feature in the set of
expended features is based on a blood test result, a demo-
graphic characteristic, a combination of blood test result(s)
and/or demographic characteristic(s), and/or a manipulation
of blood test result(s) and/or demographic characteristic(s).
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For example, when the set of unprocessed features includes
18 test results, an expended set of 114 features is generated
based on the following:

1. 18 features, each includes another of the 18 blood test
results.

2. 18 features, each includes a difference (e.g. a ratio)
between one of the 18 blood test results and a first
virtual result. The first virtual result is optionally cal-
culated by a weighted averaging of respective available
results from the sample records. Optionally, each avail-
able test is weighted according to a period elapsed since
the conducting thereof and the target date, optionally a
date of a set of a plurality of historical test results of a
target individual, referred to herein as a target date.
Optionally the available tests are test taken during a
first period, for example 540 days prior to the target
date. For example, a weight may be calculated as an
absolute value derived from time elapsed since the
recording (e.g. when the test was taken) thereof. The
weight may be calculated as a square function or any
other function that is monotonous to the absolute value.

3. 18 features each include a difference (e.g. a ratio)
between one of the 18 blood test results and a second
virtual result, which is optionally calculated as the
above described first virtual result, based on available
tests taken during a second period, for example during
1080 days prior to the target date.

4. 1 feature—the number of sets of a plurality of historical
test results the user performed during a period of year
before the target date.

5. 1 feature—the number of sets of a plurality of historical
test results the user performed during a period between
180%*6 and 180*10 days prior to the target date.

6. 1 feature—the age of the individual, for example the

individual’s birth year.

7. 57 features which are squared values of all the above
features (detailed in points 1-6).

Optionally, one or more biochemical blood test results
may be documented per individual and optionally added as
feature to the set of features. These features may be treated
as the blood test results above. The biochemical blood test
results may include any of the following blood test results
Albumin, Calcium, Chloride, Cholesterol, Creatinine, high
density lipoprotein (HDL), low density lipoprotein (LDL),
Potassium, Sodium, Triglycerides, Urea, and/or Uric Acid.

Optionally, different evaluation datasets, for example
matrixes, having different sets of expended features are
generated to create different classifiers which classify target
individuals having different demographic characteristic(s),
for example gender.

Optionally, the evaluation dataset, for example the matrix,
is filtered, to remove iteratively outliers. Optionally, an
average deviation and/or a standard deviation of each feature
is calculated and features having exceptional values, for
example more than a standard deviation maximum thresh-
old, for example 10, are truncated to the standard deviation
maximum threshold. For example, the process is iteratively
repeated 10 times (or less if no truncations are performed).
An exemplary pseudo code that describes the cleaning
process is as follows—

Repeat 10 times
For each feature -
Calculate average and standard deviation (sdv).
For each sample -
If (Value{sample, feature} > mean{feature}
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-continued

+10*sdv{feature})
Value{sample, feature} = mean{feature} +9
*sdv{feature})
If (Value{sample, feature} < mean{feature} —
10*sdv{feature})
Value{sample, feature} = mean{feature} —
9*sdv{feature}
End samples loop
End features loop
Exit if no change was made
End of Repeat

Now, as shown at 104, the evaluation dataset is used for
generating classifier(s) each classifying a gastrointestinal
cancer risk of a target individual based on one or more
demographic characteristics thereof and a current set of a
plurality of test results, for example by the classifier gen-
eration module 205. Optionally, one or more of the follow-
ing classifiers may be generated based on the evaluation
dataset:

a weighted linear regression classifier where positive
sample records receive a score that is about 100 times the
score of negative sample records;

a K-Nearest neighbors (KNN) classifier, for example 100
times down-sampling of a negative sample record; and

a random forest classifier, for example where each tree is
built using a 2:1 ratio of negative to positive sample records.

Optionally, the performance of each one of the classifiers
is estimated using a 10-fold cross validation process where
the evaluation dataset, referred to herein as a population, is
randomly split to ten equal-sized parts. For each part, the
following may be performed:

selecting acceptable sets of blood test results from 90% of
population not in the respective part;

training a classifier according to the selected sets of blood
test results;

selecting sets of blood test results from a 10% of popu-
lation in the respective part; and

using the classifier on the selected sets of blood test results
from the 10% of population.

Now, classifications, also referred to as predictions, are
collected to measure performance of each classifier. For
example, the measures of performance are selected accord-
ing to a receiving operating characteristic (ROC) curve, for
example as depicted in FIG. 3. Optionally, specificity at
different (5%, 10%, 20%, 50%, and 70%) sensitivity (recall)
values are used for identifying the measures. The perfor-
mances of the different exemplary classifiers are summa-
rized in the tables provided in FIGS. 4A-4C which respec-
tively have an area under curve (AUC) of 0.840+0.001,
0.820+0.001, and 0.833+0.001. It should be noted that FIG.
3 and FIGS. 4A-4C are calculated based on an overall
population of 217,246 men of over 40, 1,415 have been
identified as having positive colorectal cancer (CRC).
Optionally, each one of the numbers in the table (Lift, Est.
Precision, and Specificity) represents meanz*a standard
deviation (std) calculated over different cross validation
schemes, for example 10.

As used herein, a recall denotes a true positive (TP) rate
of TP classified individuals that equals to a percentage of
CRC individuals (both TP and false negative (FN)), for
example TP/(TP+FN). As used herein, precision denotes a
percentage of population having classified as having CRC
for example TP/(TP+FP). As used herein, a lift denotes a
ratio of precision to overall CRC prevalence in the popula-
tion. For example, among an overall population of 217,246
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men of over 40, 1,415 have been identified as having
positive CRC. In this example, the prevalence is 0.65%. The
selection of negative samples to create the correct time-
distribution (see above), creates a bias in the learning and
testing populations, leading to CRC prevalence of 1.2%.
Thus, the lift may be directly found, but only indirectly used
to conclude the estimated precision by adjusting a measured
precision.

Optionally, the set of features which are used by a certain
classifier for classification are weighted according to a
classification importance. The importance of a feature may
be determined as an average value, over data trees, of a
decrease of node impurities as measured by the Gini coef-
ficient (statistical dispersion) due to splits. As an example,
FIG. 5A depicts a table of an expended set of features which
are listed according to their importance in a random forest
classifier for men.

It should be noted that the historical blood test results of
the classifiers and the current blood test may include pairs of
blood test results of blood tests considered to be similar in
nature. These pairs include one or more of the following
pairs hemoglobin (HGB) and hematocrit (HCT), neutrophils
percentage/count and lymphocytes percentage/count (i.e.
extracted from a CBC test)), MCV and MCH, RBC and
hematocrit (HCT), RBC and MCV. Checking both blood
results of such a pair is not trivial as for the skilled in the art
these blood results have common indications and no cumu-
lative value and therefore the skilled in the art would have
use only results of one member of the pair of similar blood
test and not both members of the pair of similar blood test.
The inventors surprisingly found that the correlation
between members of such a pair is not absolute and that the
contribution to the performance of the above described
classifier(s) is substantial. For example, see the table in FIG.
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It should be noted that the performance of a classifier
depends on time between the last set of blood test results
date and the cancer discovery date, for example as registered
in the cancer registry. This dependency is captured by
considering classifiers where acceptable blood tests for
positive samples are within limited time-windows (for
example 30-90 days prior to cancer registry, 90-180 days,
and/or the like). For example, FIG. 6 depicts a table showing
performances for several time-windows. The table shows
age adjusted CBC data taken 30-720 days before diagnosis
from CRC cases compared with healthy control data indi-
cating long-term variations. In addition, for each case, the
selected parameter value/result was compared to the same
parameter results 1.5 years (delta 1.5) and 3 years (delta 3)
prior to the selected parameter value/result evaluation. As
indicated by the table of FIG. 6, the specificity is reduced
when the data is older.

It should be noted that anemia in the blood, may be caused
by several gastrointestinal conditions and other, with GI
cancer being the least common. Unexplained anemia is a
major predictor for CRC in the elderly and, together with
hemorrhoids, is a common cause for delay in CRC diagno-
sis. Blood loss is present in 60% of CRC cases and a daily
loss of as little as 3 ml in the stool can cause iron anemia.
As nearly as 18% of CRC cases had anemia more than a year
before diagnosis 14, however, a significant proportion are
not anemic 1. Positive occult blood test may be present.
However, fecal blood, the currently used for CRC screening,
detects only current bleeding while in CRC, blood loss is
chronic.

In Spell D W, Jones D V, Ir., Harper W F, David Bessman
J. The value of a complete blood count in predicting cancer
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of the colon. Cancer Detect Prey 2004; 28 (1):37-42 it is
reported that 88% of CRC patients had at least one blood
abnormality. As such, attempts to predict CRC from com-
plete blood counts (CBC) are under active research. In a
retrospective study on newly diagnosed CRC patients from
which CBC parameters were available 0-122 days before
diagnosis, it was shown that red blood cell distribution width
(RDW) was increased above the normal range and had 84%
sensitivity and 88% specificity, mainly for right sided CRC
cases. No improved sensitivity in combination with RDW,
hemoglobin and mean corpuscular volume (MCV) was
documented.

According to some embodiments of the present invention,
the performance of a classifier generated as described herein
may be used for classifying both individuals with anemia
condition and individuals without anemia condition. For
example, FIG. 10 is a set of tables summarizing an analysis
of the results of using the above described classifiers for
classifying anemic and not anemic individuals (white
Americans). The set includes a plurality of tables, each
summarizing the probability of anemic individual of a
certain group of individuals in relation to non anemic
individual of another group of individuals. The groups are
optionally divided based on a combination between the age
of the blood results and the age of the individual. FIG. 10
shows evidence that independent measures of blood counts
parameters are related to CRC and that combined changes in
CBC parameters, even subtle ones, within the normal range
may be used as part of the CRC screening process, for
example by scoring, for individual with or without anemia.

Now, as shown at 105, the classifier(s) are outputted,
optionally as a module that allows classifying target indi-
viduals, for example by the interface unit 206. Optionally,
different classifiers are defined for individuals having dif-
ferent demographic characteristics, for example one classi-
fier for men and another for women. For example, while a
classifier that is based on a group of features from the above
18 features is set for men, a Random Forest classifier
without biochemistry tests is used for women. The Random
Forest classifier has an AUC of 0.833+0.001 and perfor-
mances as depicted in FIG. 7 where precision is estimated
according to total prevalence of 0.45%.

Reference is now made to FIG. 8, which is a flowchart
400 of a method of using classifier(s), such as the above
classifier(s), for estimating a gastrointestinal cancer risk
score for a target individual, according to some embodi-
ments of the present invention. In use, the classifier(s) may
be hosted in a web server that receives the target individual
data and evaluates, using a gastrointestinal cancer evaluating
module that uses the classifier(s), a gastrointestinal cancer
risk score in a subject to be evaluated. The target individual
data may be received via a communication network, such as
the internet, from a client terminal, such as a laptop, a
desktop, a Smartphone, a tablet and/or the like, which
provides the set of blood test results and demographic
characteristics of the subject or a reference to this target data.

First, as shown at 401 and 402, classifier(s) and a target
individual data are provided. The target individual data
includes one or more demographic parameter(s) and a set of
a plurality of current blood test results held in the target date,
which includes a number of current test results of a target
individual. The target individual data may be inputted manu-
ally by a user, for example using a graphical user interface
(GUI), selected by a user, optionally using the GUI, and/or
provided automatically, for example by a computer aided
diagnosis (CAD) module and/or system. Optionally, the
target individual data includes the number of sets of blood
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test results the user performed during the last year, last
decade and/or any intermediate period. Each one of the sets
of blood test results includes blood test results, for example
a group selected from the above 18 different blood test
results.

Now, as shown at 403, a set of target individual features
is extracted from the target individual data and optionally
extended as described above.

Then, as shown at 404, the classifier(s) is used to calculate
a gastrointestinal cancer risk score for the target individual
by weighting each feature in the set of target individual
features. Now, as shown at 405, the gastrointestinal cancer
risk score is outputted.

It should be noted that above described classifiers may be
used for estimating cancer risk score for gastrointestinal
cancer may be colon, stomach, rectum, or esophagus cancer.
For example, FIG. 9 is a table indicating the performances
of the classifiers for each one of colon, stomach, rectum, and
esophagus cancers in different sensitivities for different
groups of populations. Groups of populations are defined
according to a combination between an age of the respective
test blood results (stated in days, for instance 90-540,
90-540, 30-270, and 360-720 days. and the range of ages, for
example 40-100 and 50-75. It should be noted that the table
in FIG. 9 indicating the performances of the classifiers on a
different population than used for the classifiers documented
with reference to FIGS. 4A and 4B. In FIG. 9, the data
includes results of blood tests from a total of 81,641 English
individuals over the age of 40 of which 3,099 were diag-
nosed with colon cancer, 1,286 with rectal cancer, 578 with
gastric cancer and 1,061 with esophagus cancer.

It is expected that during the life of a patent maturing from
this application many relevant systems and methods will be
developed and the scope of the term a processor, a display,
and user interface is intended to include all such new
technologies a priori.

As used herein the term “about” refers to +10%.

The terms “comprises”, “comprising”, “includes”,
“including”, “having” and their conjugates mean “including
but not limited to”. This term encompasses the terms “con-
sisting of” and “consisting essentially of”.

The phrase “consisting essentially of” means that the
composition or method may include additional ingredients
and/or steps, but only if the additional ingredients and/or
steps do not materially alter the basic and novel character-
istics of the claimed composition or method.

As used herein, the singular form “a”, “an” and “the”
include plural references unless the context clearly dictates
otherwise. For example, the term “a compound” or “at least
one compound” may include a plurality of compounds,
including mixtures thereof.

The word “exemplary” is used herein to mean “serving as
an example, instance or illustration”. Any embodiment
described as “exemplary” is not necessarily to be construed
as preferred or advantageous over other embodiments and/or
to exclude the incorporation of features from other embodi-
ments.

The word “optionally” is used herein to mean “is provided
in some embodiments and not provided in other embodi-
ments”. Any particular embodiment of the invention may
include a plurality of “optional” features unless such fea-
tures conflict.

Throughout this application, various embodiments of this
invention may be presented in a range format. It should be
understood that the description in range format is merely for
convenience and brevity and should not be construed as an
inflexible limitation on the scope of the invention. Accord-
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ingly, the description of a range should be considered to
have specifically disclosed all the possible subranges as well
as individual numerical values within that range. For
example, description of a range such as from 1 to 6 should
be considered to have specifically disclosed subranges such
as from 1 to 3, from 1 to 4, from 1 to 5, from 2 to 4, from
2 to 6, from 3 to 6 etc., as well as individual numbers within
that range, for example, 1, 2, 3, 4, 5, and 6. This applies
regardless of the breadth of the range.

Whenever a numerical range is indicated herein, it is
meant to include any cited numeral (fractional or integral)
within the indicated range. The phrases “ranging/ranges
between” a first indicate number and a second indicate
number and “ranging/ranges from” a first indicate number
“to” a second indicate number are used herein interchange-
ably and are meant to include the first and second indicated
numbers and all the fractional and integral numerals ther-
ebetween.

It is appreciated that certain features of the invention,
which are, for clarity, described in the context of separate
embodiments, may also be provided in combination in a
single embodiment. Conversely, various features of the
invention, which are, for brevity, described in the context of
a single embodiment, may also be provided separately or in
any suitable subcombination or as suitable in any other
described embodiment of the invention. Certain features
described in the context of various embodiments are not to
be considered essential features of those embodiments,
unless the embodiment is inoperative without those ele-
ments.

Although the invention has been described in conjunction
with specific embodiments thereof, it is evident that many
alternatives, modifications and variations will be apparent to
those skilled in the art. Accordingly, it is intended to
embrace all such alternatives, modifications and variations
that fall within the spirit and broad scope of the appended
claims.

All publications, patents and patent applications men-
tioned in this specification are herein incorporated in their
entirety by reference into the specification, to the same
extent as if each individual publication, patent or patent
application was specifically and individually indicated to be
incorporated herein by reference. In addition, citation or
identification of any reference in this application shall not be
construed as an admission that such reference is available as
prior art to the present invention. To the extent that section
headings are used, they should not be construed as neces-
sarily limiting.

What is claimed is:

1. A computerized method for providing a client terminal
with an evaluation of gastrointestinal cancer risk in response
to an indication of current blood test results of a patient,
comprising:

receiving by a computing system associated with a data-

base storing a plurality of classifiers and from a client
terminal and via a network, an indication of values of
a plurality of current blood test results calculated based
on an analysis of a blood collected from a target
individual;
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generating, by said computing system, a combination of at
least 10 blood test features based on said plurality of
current blood test results, each one of said at least 10
different blood test features is based on a blood test
value of one of said plurality of current blood test
results;
selecting at least one classifier according to at least one
demographic characteristic of said target individual
from said plurality of classifiers, each of said plurality
of classifiers is generated according to a plurality of
respective historical blood test results of a plurality of
sampled individuals having at least one different demo-
graphic characteristic, said at least one classifier is
generated according to an analysis of said plurality of
respective historical blood test results of each of
another of said plurality of sampled individuals; and

evaluating, using a hardware processor of said computing
system, a gastrointestinal cancer risk of said target
individual by classifying said combination of at least 10
different blood test features using said at least one
classifier; and

outputting said gastrointestinal cancer risk for presenta-

tion by said client terminal;
wherein each of said plurality of historical and current
blood test results comprises results of at least one the
following blood tests: red blood cells (RBC), hemo-
globin (HGB), and hematocrit (HCT) and at least one
result of the following blood tests hemoglobin (MCH)
and mean corpuscular hemoglobin concentration
(MCHO);

wherein said at least one classifier is generated according
to each of said plurality of historical test results that
individually have insufficient statistical significance
correlating between said respective test result and hav-
ing gastrointestinal cancer.

2. The method of claim 1, wherein said gastrointestinal
cancer risk is for a cancer selected from a group consisting
of colon cancer, stomach cancer, rectum cancer, and esopha-
gus cancer.

3. The method of claim 1, wherein said at least one
classifier is generated according to an analysis of an age of
said plurality of sampled individuals.

4. The method of claim 1, wherein each of said plurality
of historical and current blood test results comprises results
of Platelets hematocrit (PCT).

5. The method of claim 1, wherein said at least one
classifier comprises a member of a group consisting of: a
weighted linear regression classifier, a K-Nearest neighbors
(KNN) classifier, and a random forest classifier.

6. The method of claim 1, wherein said at least one
classifier is generated according to an analysis of at least one
demographic characteristic of each of said plurality of
sampled individuals.

7. The method of claim 1, wherein each of said plurality
ofhistorical and combination of at least 10 current blood test
results comprises results of Platelets hematocrit (PCT).
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